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ABSTRACT 
 
Image registration is the technique of transforming 
different sets of data all in one coordinate system. 
Automatic image registration remains a real challenge in 
various fields like computer vision and remote sensing 
applications. Within this project, a way for automatic 
image registration through histogram-based image 
segmentation is proposed. This new approach mainly 
consists in utilizing the pair of images that should be 
registered are segmented, according to a relaxation 
parameter by the histogram modes delineation (a new 
approach), followed by a regular characterization of 
one's extracted objects through  objects area, ratio 
between the axis as to the adjust ellipse, perimeter and 
fractal dimension but a robust statistical based technique 
of objects matching. The most ideal aim of this proposed 
methodology is tested to simulated rotation and 
translation. The  very first dataset consists in a 
photograph along with a rotated and shifted aspect of 
precisely the same photograph, with different stages of 
added noise. This lets for the registration of pairs of 
images with differences in rotation and translation. 

 
I. INTRODUCTION 

 
Many applications in remote sensing rely on image 
registration. These include three-dimensional mapping of the 
land and sea surface, identifying and mapping different types 
of land use, measuring and analyzing natural and agricultural 
vegetation ,matching stereo images to actually get better 
shape for autonomous your internal links, and aligning 
images different medical modalities for study.  With the 
dramatic increase in data volumes and types of sensors, 
image registration became also crucial for content-based 
retrieval of remote sensing data and image data from large 
data repositories. Image registration is to determine the 
transformation between a newly sensed image, called input 
image, and a reference image. In general, image registration 
is the process of superimposing two images and transforming 
one of them to find the best transform to make them match. 
The complexity of the search and similarity measurement in 
image registration could be computationally intensive. 
Computational time becomes even more critical with the 
current increase in data. As a result, high performance image 
registration is needed. 
Remote sensed data usually contain two types of distortion: 
radiometric distortion and geometric distortion. Sources of 
radiometric distortion are from effects of atmosphere on 
radiation, effects of atmosphere to remote sensing imagery, 
and instrumentation errors. These errors can be corrected 
using the knowledge of the sensor model. Sources of 

geometric distortion are Earth rotation, panoramic effects, 
Earth curvature, scan time skew, variation in platform 
altitude, velocity, attitude, and aspect ratio. There are two 
major techniques that can be used to correct the various types 
of geometric distortion. One is to establish correction 
formulae by modeling the nature of the error sources. 
Mathematical modeling can be used to correct these errors. 
Without the knowledge of sensor sources, an image can be 
registered to a map coordinate system. This is called image-
to-map registration. 
 
Preprocessing generally concerns boosting, taking off noise, 
separating regions, etc. Segmentation partitions an image 
into its constituent parts or objects. The output of 
segmentation is normally raw pixel data, which incorporates 
either the boundary on your region as well as pixels in the 
whole region on their own. Representation is the means of 
transforming the raw pixel data into a form useful for 
subsequent processing via the computer. 
 
Advances in computer science made to reliable and useful 
image processing methods useful in medical diagnosis, 
treatment preparation and medical research. In clinical 
diagnosis using medical images, implementation of useful 
data got from separate images is de facto preferred. The 
figures need to be geometrically aligned for better 
observation. This process of mapping points from a place 
image to corresponding points in a separate image is called 
Image Registration. Remember this is naturally a spatial 
transform. The reference and also the referred image may be 
different because were done At different occasions when 
Using different devices like MRI, CT, PET, SPECT etc 
(multi model). 
 
Image segmentation refers to the decomposition of a scene 
into its components.Segmentation subdivides an image into 
its interest regions or objects. The rate to which the 
subdivision is carried will depend on the problem being 
solved. That is, segmentation might want to stop whenever 
the objects of curiosity inside an use are now secluded. Just 
for instance, the robotic assessment of digitized units, 
curiosity lies in evaluating images of the goods along with 
the objective of deciding the company or deficiency of 
specific anomalies, encompassing absent characteristics or 
broken interconnection paths. There's hardly any stage in 
which contain segmentation past the degree of aspect 
essential to recognize those features.  
 
 
Segmentation of nontrivial images is definitely one of the 
key problematic activities in image processing. Segmentation 
correctness states the vital failure or success of digitized 
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research guidelines. For that reason, substantial care is 
necessary to develop the risk of strong segmentation. Image 
segmentation algorithms frequently are dependent on one of 
two basic locations of stress level models: discontinuity and 
relationship. To begin with category, the attitude usually is to 
partition an image based on swift changes in passion, an 
example would be lonely points, outline and outside edges 
inside an image. The principal treatments in second 
classification are in accordance to partitioning an image into 
areas that are equivalent following the a set of predefined 
parameters[8-9]. Thresholding, region rising are instances of 
strategies within this classification. 
 

2. RELATED WORK 
 
Li et al. [1] proposed a contour-based approach to register 
images from several sensors. The successfulness of their 
method is determined by the objective that the regular 
structures of  images must be preserved well. Therefore, their 
method is efficient but works well only on cases where the 
contour information is well preserved. On the other hand, the 
area-based method usually adopts a window of points to 
determine a matched location using the correlation technique 
[2, 3]. The most commonly used measure is normalized 
cross-correlation. This method is more robust than the 
feature-based method in some situations. However, if the 
orientation difference between the two images is large, the 
significance of cross-correlation tend to be greatly influenced 
and the correspondences between feature elements, thus, 
hard to derive. Therefore, De Castro and Morandi [4] 
proposed an elegant method, called phase correlation, to 
overcome the issue . However, when the overlapping area 
between images is small, their method becomes unreliable. 
In order to solve the problem, it is required to develop a 
method to assess the rotation parameter ahead. In [3], Zheng 
and Chellappa proposed an approach for determining the 
rotation parameter. They used a Lambertian model to model 
an image. Under the assumption that the illumination form is 
fixed, they use a shape-from-shading technique to 
assessment the illuminant directions of images. 
 
By taking the difference between the illuminant directions, 
the rotation angle between images is obtained. After 
obtaining the rotation angle, one of the two images is then 
rotated such that the orientation difference between the two 
images becomes very small. By adopting the method 
proposed by Manjunath et al. [4,5,7], a number of feature 
points are extracted from the image pair. Then, these feature 
points are matched by using an area-based method in a 
hierarchical image structure.In Zheng and Chellappa s 
technique, the technique for examining the rotation angle 
assists in most cases. Yet, if a scene consists of many 
buildings and objects, the technique will fail mainly because 
that the illumination conditions per image may not be 
comparable to those in another. Normally, the estimation of a 
rotation angle in their approach is rough. Further, their 
approach requires aGabor function decomposition in the 
feature extraction process. This decomposition is 
computationally intensive. Another disadvantage of their 
approach is that, when false matches acquire their method 
cannot handle them. 

3. PROPOSED APPROACH 
 

We propose an automatic registration via histogram based 
segmentation,which allows less errorprone  approach, when 
compared to classic methods, and consequently to an 
accurate image registration.  This proposed system which 
estimates accurate rotation and/or translation between two 
images.The Advantages of methodology are: This method is 
very recommended to generate accurate rotation and shift of 
a base image with respect to unregistered image, register 
base image with unregistered image.HAIRIS outperformed 
SIFT and also the contour-based approach, particulary for 
the remote sensing examples. 
 
Preprocessing:  
 
In this project before going to process the images (such as 
base image and unregistered image), an adaptive wiener 
filter for removing additive random noise in both images, 
primarily we overcome significant differences between the 
histograms of images to be registered, an histogram 
equalization of unregistered image utilizing the histogram 
counts of base image is undertaken prior to the applying the 
Wiener filter. In this way, the Wiener filtering on images 
allows both for the reduction of the image detail, as well as 
smoothing of the histogram, which will become spiky due to 
the histogram equalization step. Below procedure suggests 
the removing of noise in image by using adaptive wiener 
filter and regarding images are also shown. First take original 
color (RGB) image and convert the image into gray image 
with the use of matlab command rgb2gray as shown in fig 
1,2. 
 
OriginalRGB = imread ('earth.jpg'); 
image=rgb2gray(OriginalRGB); 
imshow(image); 
 

 
Fig 1: Original Image 
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Fig 2: Gray scale image to original Image 
 
Add Gaussian noise with variance 0.025 and mean 0 in gray 
image using imnoise command and remove that noise using 
adaptive wiener filter in fig 3,4. 
 
>> J = imnoise (image, 'gaussian', 0, 0.05); 
>> imshow(J); 
>> H=wiener2 (J, [3 3]); 
>> imshow(H); 
 

 
 

Fig 3: Adding noise to gray scale image 
 
 

 

Fig 4: Noise Removal using Filtering approach 
Histogram Equalization of image: 
 
This method commonly improves the global contrast of 
many images, particularly the usable data of the image is 
illustrated by close contrast values. Through this 
manipulation, the intensities can be better spread on the 
histogram. This allows  areas of lower local contrast to gain a 
higher contrast. Histogram equalization accomplishes this by 
efficiently spreading out the most frequent intensity values. 
 
Histogram equalization often produces unrealistic results in 
photographs; however it may be very useful for scientific 
images like thermal, satellite or x-ray images, usually the 
same class of images that user would apply false-color to. 
Also histogram equalization can produce undesirable effects 
when applied to images with low color depth[10]. For 
instance, if applied to 8-bit image presented with 8-bit gray-
scale palette it will further scale down color depth of the 
image. Histogram equalization will work the best when 
applied to images with extremely high color depth than 
palette size, like continuous data or 16-bit gray-scale images. 
In this module before going to segment an image, first we are 
going to analyzing the histogram of the image. The basis of 
histogram analysis technique is that the regions of interest 
tend to form modes in the corresponding histogram. For 
example, a light object in a dark background would produce 
two modes in the image s gray level histogram, one is at the 
bright intensity side, and the other is at the dark intensity 
side. Then, a typical image segmentation approach based on 
histogram analysis normally carries out three steps: First, 
recognize the modes of the histogram. Second, remove the 
unwanted peaks (not big enough compared to the highest 
peak) in the histogram, suppose imax is the value of the 
highest peak satisfying hmax=h (imax) . For any peak j, if 
h((j)/hmax) <0.05 then peak is removed. Since the values 
have been normalized to the range [0, 1], hmax is equal to 1. 
Therefore, the points with h (j) <0.05 will be removed. Third, 
find the valley between different two highest modes. Fourth, 
apply threshold to the image by using deepest valley between 
two highest peaks. The method used for mode delineation is 
based upon the analysis of the sequential slopes of the 
histogram in fig 5,6. 
 

 
 Fig5: Gray scale image and its histogram 

 
Let x (m) be the image histogram counts, m=0…M. and the 
sequence of the consecutive slopes, where M 1 is the number 
of histogram levels (M=255 for an 8-b image). The idea 
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behind this approach is to choose an adequate threshold for 
considering whether or not one is in the presence of a mode, 
which is characterized by a significant increase and/or 
decrease on the slopes sequence . 
Histogram-based methods are incredibly efficient when 
compared to other image segmentation methods since they 
typically require just 1 flow through the pixels. With this 
technique, a histogram is computed from all as to the pixels 
within the image, to discover that the peaks and valleys 
within the histogram pre owned to locate the clusters within 
the image.[1] Color or intensity work extremely well as the 
measure. 

 
 

 
 

Fig 6: Histogram Equalization 
 

 
A refinement of this technique is to recursively apply the 
histogram-seeking way for you to clusters within the image 
in an effort to divide them into smaller clusters. This is 
repeated with smaller and smaller clusters until forget about 
clusters are formed.[1][7] 
 
One disadvantage of the histogram-seeking way is that it can 
be hard to identify significant peaks and valleys in the whole 
image. In this strategy of image classification distance metric 
and integrated region matching are familiar. 
 
Histogram-based approaches can be quickly imposed for 
occur over multiple frames, while maintaining their single 
pass efficiency. The histogram can possibly be drained 
multiple fashions when multiple frames are actually. 
Precisely the same approach that will be taken with one 
frame might well be targeted against multiple, and after the 
results are merged, peaks and valleys which are previously 
difficult to identify usually tend to be distinguishable. The 
histogram may also be applied on a per pixel basis wherein 
the information result are employed to understand the 
foremost frequent color regarding the pixel location. 
Matching: The matching step starts with the evaluation 
associated with a cost function, between every possible two-
by-two strategy of objects obtained from the segmentation of 
the two images, almost every possible mixture of the alpha 
values considered for both images. This leads to a matrix 
with n1 rows and n2 columns, where n1and n2 tie in with the 
number of extracted objects from images 1 and a couple of, 
respectively. The fee function, evaluated regarding the 

values on your properties of one's objects from images 1 and 
a pair of, is defined as follows Cost function= (Area1-
Area2)/Avg (Area) ( ARat1-ARat2)/Avg (ARat) (Perim1- 
Perim2)/Avg(Perim) (Db1-Db2)/ Avg(Db). 
 
Then, the expense function values are represented by using 
boxplots, in the image which resulted in the lower array of 
segmented objects similar to the horizontal (“categorical”) 
axis. This is statistically evaluated through the outlier 
detection criterion used in the boxplots representation, the 
place where a fact is considered an outlier (with regards to 
the smaller values) if it is smaller than, Q1-K*(Q3-Q1) 
where Q1andQ3 will be the first and third quartiles, 
respectively. Similarly in which place a point is considered 
an outlier (with regards to the higher values) if it's greater 
than, Q1 K*(Q3-Q1). Although K is usually thought to be 
1.5, in this particular step the better flexible value of 1 is 
crucial (also widely used in practice), so that you can lessen 
the absence of eventual matching candidates. 
 
Rotation Estimation and Translation Estimation This rotation 
estimation is entirely statistical base procedure; First we 
obtain orientation of extracted objects from base and 
unregistered image and perform the difference of orientation 
between every possible two-by-two mixture of objects 
obtained from the segmentation as to the two images and 
estimate robust angle by employing same boxplot procedure 
indicated in above module. This translation estimation is 
entirely statistical base procedure; First we obtain orientation 
of extracted objects from base and unregistered image and 
perform the difference of orientation between every possible 
two-by-two strategy of objects obtained via the segmentation 
of one's two images and estimate robust angle through the 
use of same boxplot procedure indicated in above module. 
 

4. EXPERIMENTAL RESULTS 
 
All experiments were performed with the configurations 
Intel(R) Core(TM)2 CPU 2.13GHz, 2 GB RAM, and the 
operation system platform is Microsoft Windows XP 
Professional (SP2), Matlab 2011a software. 
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Fig 7:Image transform after histogram sementation 
 
In this section we present a histogram clustering algorithm 
which takes as input a partitioned image and obtains a 
histogram clustering based on the minimization of the loss of 
MI in fig 7.That is, we group the bins of the histogram so 
that the MI is maximally preserved. From the perspective of 
the information  bottleneck method, the binning process is 
controlled by a given partition of the image clustering 
algorithm has been previously presented. 
 
 

5. CONCLUSION 
 

In this particular work, HAIRIS was applied to single-band 
images during a period. However, someday, adequate 
transformations (such as principal component analysis, 
independent component analysis, among others) of multi- (or 
hyper-) spectral images to single band images will really 
result in a lot better results, rather than by using the 
information associated with a single spectral band. The 
proposed methodology of image registration using enhanced 
segmentation approach gives accurate results, even in the 
presence associated with a considerable amount of noise. 
Furthermore, down below the coverage applications with 
images having less evident objects, as happens of remote 
sensing images, HAIRIS has shown to properly register 
many images along at the subpixel level covering a wide 
range of applications. 
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